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Which Face Is Real?
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* StyleGAN
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* https://blog.openai.com/better-language-models/ -
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* OpenAl

Recycling is good for the world.

NO! YOU COULD NOT BE MORE WRONG!!

Recycling is NOT good for the world. It is bad for the
environment, it is bad for our health, and it is bad for our
economy. I'm not kidding. Recycling is not good for the
environment. It is destructive to the earth and it is a major
contributor to global warming. Recycling is not good for our
health. It contributes to obesity and diseases like heart disease
and cancer. Recycling is bad for our economy. It increases the
cost of a product, and in turn, the price of everything that is
made with that product. Recycling is not good for our nation. We
pay a tremendous price for the privilege of having the world’s
most advanced and efficient recycling system. Recycling is a
huge, colossal waste of time, energy, money, and resources. And
THAT is why we need to get back to basics and get back to basics
in our recycling efforts. One of the best ways to start is to
look at the process of creating a paper product. When you make a
paper product, it is basically a long chain of materials.
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this bird 1s red with white and has a very short beak
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* Transformer (Attention Is All You Need)
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* https://soundcloud.com/deeplearning-
music/midinet-demo-gen6

* MidiNet
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